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CONTEXT

e Hamiltonian Hy, determines the evolution of a quantum system.

* Quantum Model Learning Agent: machine learning protocol to infer which Hamiltonian model generates observed data.

— By comparing the output of quantum systems with quantum simulations.

QUANTUM HAMILTONIAN LEARNING

_ QHL: Learn parameters for H' Reproduced dynamics
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QUANTUM MODEL LEARNING AGENT
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Coupling qubit/axis
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